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Abstract

Impulsive purchasing is one of many fascinating subjects to investigate
in e-commerce research. Online buying facilitates purchases and provides
impulsive buyers with a venue to meet their demands. Impulse buying occurs
when a client feels a sudden, overpowering need to make a purchase, which
is a common practice among online shoppers. Therefore, the study’s pur-
pose is to apply the partial least square (PLS) algorithm to investigate the
factors driving online impulsive buying behavior (OIBB). Besides, in this
research, the stimulus organism response (SOR) model was used as the
research’s guiding theory; with the stimulus such as visual appeal and
price attributes, the organism comprising perceived enjoyment and perceived
usefulness, and response as OIBB. In addition, a non-probability sampling
method was employed to collect data from 313 customers who shared their
online impulsive purchase experiences through a Google Forms online sur-
vey. The collected data was analyzed using the PLS technique to assess the
reliability, convergent validity, and discriminant validity of the variables, as
well as test the proposed hypotheses. The findings reveal that visual appeal
and price attributes were positive connections to perceived enjoyment and
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perceived usefulness. Likewise, perceived enjoyment and perceived useful-
ness also impacted positively OIBB. Additionally, the findings disclosed
that visual appeal and price attributes also were associated positively with
OIBB.

Keywords: Online impulsive buying behavior, visual appeal, price
attributes, perceived enjoyment, perceived usefulness, SOR framework, PLS
algorithm.

1 Introduction

We have seen a paradigmatic shift because of the success of e-commerce,
where more and more individuals are switching from offline to online shop-
ping [1]. This demonstrates clearly how crucial e-commerce is becoming
to the retail sector. Impulsive purchasing is a fascinating area of study in
e-commerce research. Online shopping makes purchasing easier and gives
impulsive shoppers a place to fulfill their needs. Online shoppers frequently
engage in impulse buying, which is when a customer has a sudden, persistent,
and overwhelming need to make a purchase [2]. Besides, the Internet has
evolved into a crucial component of people’s daily life, both at work and
at home. The rapid development of information technology has impacted
the consumer behavior landscape. The 24/7 accessibility of online shopping
has led to a rise in impulsive purchases [3]. Similarly, consumers constantly
preferred online shopping, especially on special occasions. They typically act
impulsively when making selections regarding shopping online. One-click
ordering, simple product access, extensive product information, and time
savings are all elements that encourage online impulsive buying behavior
(OIBB). Moreover, OIBB has become a worldwide phenomenon because of
the explosive rise of e-commerce and the quick advancement of information
technology [4]. According to the research of Liu et al. [5], 40% of all online
purchases are impulse purchases. It is obvious that the online retail environ-
ment considerably boosts store earnings, so it is crucial to comprehend OIBB.

Furthermore, the academic study focuses on OIBB as a research issue in
response to the growing number of consumers who prefer to make impul-
sive purchases from online shopping [6]. There are many studies on OIBB
using the stimulus organism response (SOR) model. For example, Moreno
et al. [7] implemented the SOR model to evaluate consumers’ OIBB in
the Philippines. The stimulus contained e-content, e-design, e-reviews, and
e-promotion, while the organism was perceived enjoyment and online trust,
and the response was OIBB. Karim et al. [8] employed the SOR model to
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examine the elements that influence the OIBB in Malaysia. The stimuli con-
sisted of website stimulus, marketing stimulus, and product variety, while the
organism factor was perceived enjoyment, and the OIBB variable represented
the response. Iftikhar and Iqbal [9] adopted the SOR paradigm to explore
consumers’ OIBB in Pakistan; in which stimuli comprise factors (social influ-
ence, sales promotion, and impulse purchasing tendency), the organism with
the factor (urge to purchase impulsively), and the response with the OIBB.
Another study in Pakistan by Hashmi et al. [10] also applied the SOR model
for factors affecting the OIBB with the stimulus being the website quality
factor, the organism being the shopping values factor, and the response being
the OIBB factor. The research of Yendola and Windasari [11] of clients’
OIBB in Indonesia. The stimulus was the product type and free shipping
threshold type, while the organism was positive affect and hedonic motiva-
tion and the response was OIBB. However, the SOR model for consumers’
OIBB using the partial least square (PLS) algorithm is little investigated in
the previous studies in Vietnam. Thus, this research fills this study gap by
adopting the SOR model and examining the determinants affecting online
impulsive buying behavior using the partial least square (PLS) algorithm.
This study focuses on the stimulus with price attributes and visual appeal,
while the organism as perceived enjoyment and perceived usefulness, and
response as OIBB.

The structure of the paper is arranged in the following sequence: Section 1
outlines the research’s general scope and the gap in the current literature
that the study aims to address. This is followed by a presentation of the
theoretical background, research hypotheses development, and the proposed
research model. The methodology utilized, which involves an online survey,
is subsequently discussed. Following this, the paper presents the data analy-
sis, results, and discussion. Lastly, the study’s conclusions and limitations are
discussed.

2 Literature Review

2.1 Foundation Theory: Stimulus Organism Response
Framework

The SOR model, created by Mehrabian and Russell [12], postulates that an
external cue (stimulus) can have an impact on an individual’s (organism)
internal state and lead to behavior (response) [13]. It is based on environ-
mental psychology and shows how external environmental stimuli affect
consumers’ internal perceptions and how those perceptions affect individu-
als’ final behavior. It has been the most often used theoretical framework
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for examining online impulsive purchases [2]. The stimulus can be acknowl-
edged as internal and external stimuli [4]. The organism is described as an
internal mechanism or state that mediates the connection between the stimu-
lus and the person’s eventual response [12]. The response can be recognized
as the outcome of consumer behavior. It is connected to customers’ reactions
to OIBB stimuli and organisms [4].

The focus of this research involves two factors, namely the visual appeal
and price attributes, which are referred to as stimuli. Perceived enjoyment
and perceived usefulness are categorized as the organism, and the OIBB of
the SOR framework is considered the response.

2.2 Online Impulsive Buying Behavior (OIBB)

OIBB forms when a buyer needs to purchase online products, but does not
thoroughly consider whether the product is necessary [14]. OIBB refers to
online product purchases that are made spontaneously. OIBB encourages a
buyer to purchase without sufficient knowledge of a product’s features [10].
According to Akram et al. [4], impulsive shopping refers to spontaneous,
unplanned, irresistible, and sudden buying behavior. When shopping online,
consumers frequently end up making impulsive purchases. Besides, cus-
tomers’ emotions and inadequate cognitive control also drove OIBB. Con-
sumers’ OIBB is stimulated by visual appeal, which affects consumers to
make purchases without taking financial or other factors. Moreover, some
studies have suggested that online buyers behave more impulsively than
customers of traditional stores [6, 15].

2.3 Visual Appeal

Visual appeal is the term used to describe how a product’s package or label
looks, and it includes elements like colors, forms, brands, images, letters,
and layouts that work together to create a cohesive overall impression and
deliver high-quality visual appeal [16]. Visual appeal refers to the display
of textual styles and other visual components, for example, illustrations, and
acting to upgrade the general show of a web [17]. Besides, websites are used
for communication and information sharing, and visitors’ perceptions of them
are influenced by their visual qualities. This means that online businesses
need to pay attention to the aesthetic value of their websites [18]. Visual
attractiveness is a critical factor in deciding the level of purchaser interest in
the display subject enrichment and item information introduced by shopping
sites [19]. Moreover, a lot of beautiful images can make viewers delighted by
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providing them with visual enjoyment. The user feels more pleasure when
browsing if the recommended product is more likely to be feasible [20].
The visual appeal of an online store influences how perceived usefulness
and excitement it is to the consumer as they browse it [2, 21]. In addition,
the more the visual appeal is the higher the purchaser fulfillment, and the
more probably happening of the event of OIBB [5]. Previous studies declared
that visual appeal was an antecedent of perceived enjoyment and it will
positively impact perceived enjoyment [2, 16]. Similarly, former research
also demonstrated that visual appeal was a predictor of OIBB and impacted
positively on OIBB [1, 22]. Based on that, we suggest the hypothesized:

H1: There is a positive correlation between visual appeal and perceived
enjoyment.

H2: There is a positive correlation between visual appeal and perceived
usefulness.

H3: There is a positive correlation between visual appeal and OIBB.

2.4 Price Attributes

Price relates to the sum of money paid for the goods and is a deciding
element while buying, particularly for those with lower incomes or a tighter
budget [23]. Price attributes aren’t just as far as item price, yet additionally
incorporate conveyance costs and promotional costs, which are important in
predicting OIBB [24]. Shoppers who buy online are more sensitive to product
price since they can swift product price comparisons and do not expense. Cus-
tomers can quickly compare price information from different online potential
vendors, which encourages utilitarian shopping [6]. Besides, price-sensitive
customers are typically logical and practical consumers who emphasize the
benefits of utilitarian shopping [25]. In addition, perceived price advan-
tage positively impacts the perceived usefulness of cross-purchasing [26].
Likewise, retailers can draw consumers’ OIBB with an eye-catching selec-
tion, discounts, and promotions, according to Lepkowska-White [27]. More-
over, the price attributes of online shopping have a positive impact on both
hedonic and utilitarian product browsing [6]. Prior research debated that the
price attributes were a predictor of perceived enjoyment and it affected pos-
itively perceived enjoyment [2]. Previous scientists recommended that price
attributes are a predictor of perceived usefulness and affected OIBB [2, 28].
Likewise, price attributes are also a predictor of OIBB and significant effect
on OIBB [29]. Based on that, we suggest the hypothesized that:

H4: There is an association positively between price attributes and perceived
enjoyment.
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H5: There is an association positively between price attributes and perceived
usefulness.

H6: There is an association positively between price attributes and OIBB.

2.5 Perceived Enjoyment

Enjoyment alludes to a person’s emotional state in any shopping situation,
and it is considered an important part of purchasing behavior. A perceived
enjoyment can be portrayed as the joy that a customer might get from shop-
ping exercises [30]. Perceived enjoyment refers to the consumer’s perception
of fun, happiness, and delight when engaging in online purchasing [24].
Excitement, delight, relaxation, and inspiration are examples of positive
consumer feelings [15]. The likelihood of a customer making an impulse pur-
chase rises as their enjoyment of utilizing online platforms grows. Therefore,
to encourage OIBB, it is essential to design e-commerce support systems with
a tacit grasp of the essential elements impacting customer enjoyment [8].
As per Ingham et al. [31], consumers’ perceived enjoyment can be gotten
through viewing the sites, and the experience will empower them to play out
specific activities like internet buying exercises. Sometimes, viewers from
various video blogs seek joy and are happy with the information displayed
in video blogs. After that, they impact them on OIBB. Former studies con-
firmed that perceived enjoyment was an antecedent of OIBB and positively
impacted OIBB [7, 8]. In light of the previously mentioned discussion, the
accompanying hypothesis is suggested:

H7: There is an association positively between perceived enjoyment and
OIBB.

2.6 Perceived Usefulness

Perceived usefulness is described as the degree to which an online shopper
believes that using a certain website would improve their ability to shop
efficiently [17]. Likewise, perceived usefulness is defined as the extent to
which a person thinks that using a specific technology would improve his or
her ability to accomplish their work [32]. Users, therefore, feel that there is
a favorable use-performance relationship when a system has a high rating
for perceived usefulness. Utilizable information can reduce users’ search
expenses (i.e., time taken to search). In order to provide quality customer
service, time must be used effectively, and customers should only be given the
absolute minimum. It can reduce the time users spend looking up information
on the website [33]. Besides, the perceived usefulness of a website’s product
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information is thought to be a critical factor in determining consumers’ OIBB
[2, 4, 34]. Previous research confirmed that perceived usefulness positively
influenced OIBB [4]. Based on the mentioned discussion, the accompanying
hypothesis is proposed:

H8: There is an association positively between perceived usefulness and
OIBB.

Based on the SOR theory as a theoretical background and hypothesis
development above, we recommend the research model, as displayed in
Figure 1:

Visual appeal

Price attributes

Perceived enjoyment

Perceived usefulness

Online buying impulsive 
behavior

Stimulus Orgranism Response

H1

H2
H3

H4 H6

H5

H7

H8

Figure 1 The research model.

3 Methodology

3.1 Analytical Method

In this study, the Partial Least Squares (PLS) algorithm is used. The PLS is
a popular structural equation modeling (SEM) method that is variance-based
in the social sciences. PLS is variance-based, making it appropriate for pre-
dictive applications and theory development. There are two steps to evaluate
how well the goodness of the model fits the data [2].

First, a confirmatory factor analysis (CFA) was used to examine the
measurement model’s discriminant and convergent validity. Testing internal
consistency of indicators by Cronbach’s alpha (α) and composite reliability
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(CR). Testing convergent validity by average variance extracted (AVE). Test-
ing discriminant validity by Fornell & Larcker index [35]. The formulas for
calculating α, CR, and AVE are [36]:

α =
K · r

[1 + (K− 1) · r] (1)
Where
– K is the number of indicators used in the
construct.

CR =
(
∑K

k=1 lk)
2

(
∑K

k=1 lk)
2
+

∑K
k=1 1− l2k

(2)
– r is the average nonredundant indicator
correlation coefficient.

AVE =
(
∑K

k=1 l
2
k)

K
(3)

– lk is the standardized outer loading of the
indicator variable k of a certain construct tested
with K indicators.

Second, a structural model analysis was used to examine the meaning of
the path coefficients and the research hypothesis. Testing structural model
by testing bootstrapping to test structural model validity (hypotheses testing;
the hypothesis is accepted when T-value > 1.96 or p-value < 0.05) and by
R2 index. R2 is used to measure the overall influence of the structural model.
R2 includes the values 0.19; 0.33 and 0.67 are the weak, moderate, and strong
influences of the structural model, respectively [37].

Likewise, another scientist stated that a new statistical tool for the analysis
process is the PLS algorithm [38]. Lohmoller [39] first presented the PLS
algorithm as follows:

Table 1 PLS algorithm
Stage 1 Latent variable scores and weights are evaluated iteratively

Repeat steps 1 through 4 starting at step 4 until convergence is reached
Step 1 Internal weights

Vji =

{
cov(Yj;Yi) if Yj and Yi are adjoins

0 otherwise

Step 2 Internal estimate
Ỹj =

∑
i bjiYi

Step 3 External weights; resolve for wkj in
Ỹjn =

∑
kj w̃kjykjn + djn in a Mode A block

Ỹk,n = w̃kjỸjn + ekjn in a Mode B block

Step 4 External estimate
Yjn = fj

∑
kj W̃k, ykjn

Stage 2 Path and loading coefficient estimation
Stage 3 Location parameter estimation
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Table 2 Demographics
Features Classification Frequency Percent
Gender Male 147 47.0

Female 166 53.0
Total 313 100.0

Age Under 18 40 12.8
18-25 120 38.3
Over 25 153 48.9
Total 313 100.0

Job Student 44 14.1
Office staff 158 50.5
Freelance person 68 21.7
Other 43 13.7
Total 313 100.0

3.2 Data Gathering and Analysis

For the quantitative study in this analysis, a convenient sampling approach
was used to collect data via a Google form. The minimum sample size for
this analysis should be 100 responses or five times the number of items for
the variables under consideration. The smallest sample size with 19 items
under consideration is 19 × 5 = 95. After eliminating the responses that did
not apply, we had a total of 313 valid responses. A sample of 313 responses
was chosen to ensure the dependability of the sample. Table 2 displays the
demographics of the sample.

In the valid sample, there are 166 female respondents (53%) and 47 male
respondents (47%) as shown in Table 3. 40 respondents are under the age of
18 (12.8%), 120 respondents are between the ages of 18 and 25 (38.3%), and
153 respondents are over the age of 25 (48.9%). 44 respondents (or 14.1%)
are students, 158 respondents (or 50.5%) are office workers, 68 respondents
(or 21.7%) are freelance, and 43 respondents (or 13.7%) have other jobs.

3.3 Measures

In order to analyze the factors that influence OIBB using the PLS algorithm,
we modified and revised the questions to fit the context of online shopping
in Vietnam. The questionnaire consisted of several items, each rated on a
five-point Likert scale ranging from “strongly disagree” to “strongly agree.”
Table 3 displays the scale of the variables.
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Table 3 The variables’ scale in the proposed model

Variables and Items Reference

Visual appeal – VA [2, 40]

VA1. The website displays an attractive design.

VA2. The website has visually pleasing.

VA3. The website has appealing visuals.

VA4. The home page is appealing, and I’d like to visit.

Price attributes – PA [2]

PA1. The website sells items for fair rates.

PA2. On the website, discounts are quite affordable.

PA3. The products on the website are reasonably priced.

Perceived enjoyment – PE [2, 21]

PE1. Shopping on sites is enjoyable.

PE2. Shopping on sites is exciting.

PE3. Shopping on sites is interesting.

PE4. My access to the sites for shopping is fun.

Perceived usefulness – PU [4]

PU1. I can simply find the things I’m seeking by using online buying sites.

PU2. I can gain a variety of product information by using online stores.

PU3. Product information is clear and understandable on shopping websites.

PU4. By using online stores, I can complete transactions rapidly.

Online impulsive buying behavior – OIBB [10]

OIBB1. My shopping was impulsive.

OIBB2. My shopping was unplanned.

OIBB3. Before visiting the website, I didn’t plan to make a purchase.

OIBB4. I could not withstand purchasing on the website.

4 Results and Analysis

Applying the partial least squares (PLS) algorithm to examine the measure-
ment model and the structural model (hypothesis testing).

4.1 Measurement Model

Table 4 shows the reliability and validity of the variables. As shown in
Table 4, α (from 0.807 to 0.893) & CR (from 0.874 to 0.927) of all variables
surpassed the threshold values of 0.7. Thus, the measures in the proposed
model are sufficiently the variables’ reliability. Besides, the outer loading of
variables’ measurement indicators surpassed 0.7 (see Table 4, and Figure 2),
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Table 4 Reliability and validity
Variables Outer Loading α CR AVE
VA 0.743–0.844 0.807 0.874 0.635
PA 0.883–0.917 0.882 0.927 0.809
PE 0.839–0.898 0.889 0.923 0.750
PU 0.829–0.908 0.893 0.926 0.758
OIBB 0.813–0.884 0.873 0.913 0.724

Figure 2 The results of the PLS algorithm.

Table 5 Discriminant validity
OIBB PE PU PA VA

OIBB 0.851
PE 0.609 0.866
PU 0.443 0.302 0.870
PA 0.477 0.339 0.286 0.899
VA 0.519 0.47 0.302 0.186 0.797

and the AVE of all variables surpassed 0.5 (0.635–0.809); therefore, the
suggested model is sufficiently convergent validity.

The relevant results are revealed in Table 5, where all square roots of
AVEs (identified in bold) are larger than correlations between the variable,
confirming the discriminant validity of the notions.
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4.2 Structural Model

After reliability and validation checks, we used bootstrapping analysis with
2000 re-samples of the entire sampling to evaluate the model’s structural
validity (hypotheses testing).

In Table 6 and Figure 3, the findings of the structural path analysis are
displayed. According to the structural model, visual appeal and perceived
enjoyment are significantly considerably positively associated (β = 0.398,
p = 0.000). Visual appeal and perceived usefulness have a positive rela-
tionship (β = 0.259, p = 0.000). Visual appeal and OIBB have a positive
association (β = 0.258, p = 0.000). Thus, the H1, H2, and H3 hypotheses

Table 6 Testing of the suggested hypothesis linking
Hypothesis β T-value Decision
H1: VA → PE 0.398 5.276 Confirmed
H2: VA → PU 0.259 3.843 Confirmed
H3: VA → OIBB 0.258 4.501 Confirmed
H4: PA → PE 0.266 4.792 Confirmed
H5: PA → PU 0.238 3.917 Confirmed
H6: PA → OIBB 0.257 4.596 Confirmed
H7: PE → OIBB 0.350 5.156 Confirmed
H8: PU → OIBB 0.185 3.735 Confirmed

Figure 3 The result of bootstrapping (hypothesis testing).
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Table 7 R2 result of variables
Variables R2

OIBB 0.546
Perceived enjoyment 0.264
Perceived usefulness 0.141

are accepted. Likewise, there is a strong positive relationship between price
attributes and perceived enjoyment (β = 0.266, p = 0.000). There is a posi-
tive correlation between price attributes and perceived usefulness (β = 0.238,
p = 0.000). A positive correlation exists between price attributes and OIBB
(β = 0.257, p = 0.000). Therefore, in this research, the H4, H5, and H6
hypotheses are supported. Additionally, there is a considerable positive link
between perceived enjoyment and OIBB (β = 0.350, p = 0.000). There is
a positive connection between perceived usefulness and OIBB (β = 0.185,
p = 0.000). As a result, the H7 and H8 hypotheses are confirmed.

Table 7 shows that the overall model’s R square index is 0.546, less than
0.67, and is regarded as having a medium impact on the level of prediction
of the structural model’s accuracy. This result also means that 54.6% of
the variance in OIBB is explained by factors such as visual appeal, price
attributes, perceived enjoyment, and perceived usefulness. Likewise, visual
appeal and price attributes described variance in perceived enjoyment and
perceived usefulness of 26.4% and 14.1%, respectively.

5 Discussion

The SOR model is widely used to analyze OIBB and this study employs
the PLS technique with the SOR model as the theoretical framework to
investigate the factors affecting OIBB. The study examines the relationship
between OIBB and factors such as visual appeal, price attributes, perceived
enjoyment, and perceived usefulness. The research contributes to add the
understanding in the literature of how visual appeal and price attributes influ-
ence perceived enjoyment, perceived usefulness, and OIBB, as well as how
perceived enjoyment and perceived usefulness affect OIBB. Furthermore, this
study provides a comprehensive framework for this area through empirical
analysis. The research findings were presented as follows:

The visual appeal had a notable and favorable impact on perceived enjoy-
ment (H1: β = 0.398, T = 5.276). It indicates that when consumers browse
online shopping, the more visual appeal, the more consumers perceived
enjoyment. Previous studies by Lee et al. [2], and Amanah and Harahap [16]
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also found that visual appeal has a significant role in perceived enjoyment.
Likewise, a correlation exists between visual appeal and perceived usefulness
(H2: β = 0.259, T = 3.843), indicating that enhanced visual appeal can
positively impact consumers’ perception of usefulness. This study aligns
with previous research findings [2, 21]. Additionally, the visual appeal has
a favorable influence on OIBB (H3: β = 0.258, T = 4.501), implying that
it can prompt consumers’ online impulse buying behavior. This outcome is
supported by earlier research, such as the studies conducted by Zhao et al. [1]
and Yang et al. [22]. Previous researchers [2, 16, 21, 22], as mentioned ear-
lier, discussed how visual appeal positively influenced perceived enjoyment,
perceived usefulness, and OIBB either individually or on two out of three
factors. However, this current study found that visual appeal had a positive
impact on all three factors (perceived enjoyment, perceived usefulness, and
OIBB).

According to the results, it was revealed that the price attributes had a
beneficial impact on perceived enjoyment of their online shopping experi-
ence (H4: β = 0.266, T = 4.792). This suggests that when discounts are
offered, the price factor can enhance customers’ perceived enjoyment when
they browse products online. This result was confirmed by Lee et al. [2].
Besides, the price attributes were related positively to perceived useful-
ness (H5: β = 0.238, T = 3.917), which means that price attributes such
as discounts or reasonable prices lead to an increase in consumers’ per-
ceived usefulness as it may help reduce clients’ time to browse products
in online purchasing. This finding differs from the finding of Lee et al. [2].
Lee et al. [2]’s research discovered that the price factor did not have an impact
on perceived usefulness. The reason behind this difference can be attributed
to the variations in study settings. This research was carried out in Vietnam,
while Lee et al.’s study [2] was conducted in Taiwan. In addition, the results
verified that the price factor has a beneficial connection with OIBB (H6:
β = 0.257, T = 4.596). This means that as the discounts or reasonable prices
increase, the consumers’ OIBB also gets better. This discovery corresponds
with the earlier study outcome of Orangzab et al. [29]. Similarly, as discussed
earlier, previous researchers [2, 29] argued that the price factor had a positive
influence on perceived enjoyment, perceived usefulness, and OIBB individ-
ually or on two out of three factors. However, this current study revealed
that the price factor had a positive impact on all three factors (perceived
enjoyment, perceived usefulness, and OIBB).

The results also revealed that perceived enjoyment was related positively
to OIBB (H7: β = 0.350, T = 5.156). These findings also disclosed
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that perceived enjoyment was the most favorably impacted on OIBB. This
discovery was reinforced by the work of Karim et al. [8]. This means that
the more consumers’ perceived enjoyment when browsing the products, the
more enhanced consumers’ OIBB. Similarly, perceived usefulness played a
stimulus role positively in increasing OIBB (H8: β = 0.185, T = 3.735).
The results also found that perceived usefulness is related to OIBB, which
was supported by Akram et al. [4]. This means the more consumers perceived
usefulness the more they enhance OIBB.

6 Conclusions

The purpose of this study focused on applying the PLS technique with
the SOR model as the theoretical framework to investigate the factors
affecting OIBB. Through the literature review, the paper added a compre-
hensive conceptual model of how visual appeal and price attributes affect
perceived enjoyment, perceived usefulness, and OIBB. Likewise, how per-
ceived enjoyment and perceived usefulness impact OIBB. Besides, empirical
research disclosed that determinants (visual appeal, price attributes, perceived
enjoyment, and perceived usefulness) affecting positively OIBB; in which
perceived enjoyment was the most favorably affected OIBB. Moreover, visual
appeal and price attributes also affected positively perceived enjoyment and
perceived usefulness.

Although this research has made noteworthy contributions to both liter-
ature and practice, there are certain limitations to it. Firstly, only 54.6% of
the variance in OIBB could be explained by the factors of visual appeal,
price attributes, perceived enjoyment, and perceived usefulness. Therefore,
in order to improve the explanation of variance in OIBB, future research
should include additional independent factors. Secondly, this study utilized
the PLS algorithm to elucidate determinant factors in OIBB, suggesting
that other approaches can be used by future studies to describe these
factors.
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