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Abstract

This paper discusses the adoption of the meta UTAUT model incorporating
trust. The model consists of PE, EE, SI, FC, and trust as independent vari-
ables, attitude as a mediating variable, while BI and UB are the dependent
variables. A sample size of 279 users drawn from urban and rural settings
was conducted. The suggested model was experimented through structural
equation modelling (SEM). The outcome of this study indicates that BI
is positively affecting the UB and becoming the strongest predictor of it.
Importantly, trust is also positively influencing BI and UB. FC and EE play
vital roles in building the attitude of the user. EE, PE, and BI-even SI-found
not so strong in predicting BI. BI as the strong predictor came in the finding
so it can contribute in predicting the behaviour of the user. The study focused
more on the role of trust and user experience.
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1 Introduction

Mobile payment systems have emerged as a solution to replace cash transac-
tions in the digital financial landscape. They have successfully transformed
how users conduct financial transactions across geographies. However, chal-
lenges persist at various levels in emerging economies, such as India.

The widespread influence of mobile device-based payment systems has
surpassed all other innovations in human history, making them an integral
part of contemporary society in the 21st century [41]. These developments
have transformed the otherwise static processes of money transfer into
digital versions accessible through mobile devices [41]. The technological
advancements and a digitalized economy have propelled exponential growth
in the mobile payment’s domain in India. This trend has been pivotal to the
economic development process and facilitated financial inclusion, which has
heretofore been unobtained for the poor strata of Indian society [10].

The paper looks forward to the rapid expansion and potential growth
of the mobile payment wallet in the upcoming years. It is estimated that
the compound annual growth rate (CAGR) of mobile payment wallets will
reach 23.9% between 2023 and 2027. The adoption of such technologies, like
mobile payment systems, is influenced by various factors [3]. The literature
has looked at mobile phone usage from many different angles. For example,
there is work on tracking travel patterns [27], studying digital financial ser-
vices [20], and examining mobile commerce [25]. There is also considerable
scholarly work on mobile learning and healthcare domains [4, 5, 23].

India, with its extensive population and the increasing penetration of
smartphones, becomes an excellent test bed for investigating mobile payment
adoption. The rapidly increasing mobile payment in developing countries
makes this study relevant. With the introduction of mobile payments, it has
now become easy to buy goods and services online by using Amazon or
Flipkart websites, which helps in making a digital shopping process more
efficient and satisfying [28, 35].

Much of the previous work on mobile payments in developing economies
was focused on the technological, economic, and social factors influencing
user behavior. The role of trust and behavioral intention in mobile payment
systems is a gap in the literature that has not been explored much in emerg-
ing economies like India. Although trust is the most important element of
technology adoption, its applicability in the model, like UTAUT, is relatively
less in mobile payments. The proposed model intends to bridge this gap
by further developing the META-UTAUT [11] model by integrating trust,
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providing further insight into factors that are driving behavioral intention
towards mobile payment adoption in a developing country such as India [1].
This research contributes to filling that gap in the literature and advancing our
understanding of digital financial inclusion in emerging markets.

This study addresses these knowledge deficiencies through three main
objectives:

• To provide a detailed analysis of the technological adoption models
currently in use and identify the underlying factors influencing Indian
consumers’ behavior toward digital payment ecosystems.

• To study how trust impacts the growth of electronic payment prac-
tices [35].

• To validate the conceptual model designed for this study by gathering
information from a relevant subset of Indian mobile payment users.

The results of this research are relevant for stakeholders in the mobile
payments system, including the providers of payment systems, marketers,
and policy makers.

2 Literature Review

The first to articulate the UTAUT framework was Venkatesh in 2003 to
provide an adequate and more detailed model of explaining the technology
adoption and usage process [43]. The META-UTAUT model developed by
Dwivedi et al. in 2019 has also gained momentum on account of the complex
and evolving characteristics of technology acceptance in emerging techno-
logical environments [11]. The META-UTAUT model upgrades the classical
UTAUT model by bringing forth additional constructs, with emphasis placed
on relevant applications in respective domains. In this study, we adapt and
further extend the META-UTAUT model, and include Trust as another factor
and then investigate its implications toward behavioral intention and usage
behavior, all within mobile payment systems.

Performance expectancy (PE) – According to Venkatesh, PE is explained by
the consumer’s expectation that technology will improve performance while
performing any task [43]. According to the aforementioned assertion, PE is a
crucial component for forecasting emerging technologies. Previous research
has demonstrated the positive effects of physical education on motivating
individuals to keep utilizing digital tools like the Internet [46]. PE is a reliable
measure of how satisfied customers are with using digital payments [9, 25].
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Effort expectancy (EE) – EE illustrates the ease of use of a technology and
how it influences the desire to utilize it [43]. EE has a positive impact on
users’ intentions to keep using mobile applications [12, 21]. Marinkovi´c con-
firmed that EE has a substantial impact on satisfaction with the continuation
of using digital payments using a UTAUT-based model [25].

Social influence (SI) – SI is the degree to which people (such family, neigh-
bours, and coworkers) encourage those who utilize a particular technology to
do so [42]. SI, a prominent variable in UTAUT, has a considerable impact on
users’ intentions to continue using digital apps [22].

Facilitating conditions (FC) – An individual needs both organizational and
technological assistance in order to use technology effectively [43]. UTAUT
initially thought that real usage behaviour was predicted by facilitating con-
ditions. Perceived availability of resources, experience, and collaboration
increases the potential for utilizing new technology. Facilitating circum-
stances reduce potential barriers to the adoption of technology. In India, the
growing use of QR-based mobile payments has shown that certain supportive
factors – like access to technology, financial assistance, and proper infrastruc-
ture – play a crucial role in shaping the willingness of street vendors from
marginalized communities to start using mobile payment systems [29].

Trust – Trust has a significant role in determining usage patterns as well as
behavioural goals. The idea of trust is crucial to mobile payment systems
since users frequently have to give sensitive financial data to primary and
tertiary systems. According to earlier studies, trust can enhance intentions for
technology behaviour [36]. Although there are risks associated with mobile
phones and they aren’t always safe, trust plays a significant role in how people
use and are inclined to use them [46]. Customers are expected to provide both
the first and third payment systems with sensitive financial information when
making mobile payments [45]. In order to build behavioural intention, there
must be an increase in trust.

Attitude (ATT) – A person’s attitude is exemplified by how positively or
negatively they feel about a good or service. Online shopping, information
systems and services [34] have all shown a substantial correlation between
attitude and behaviour. Across a range of scenarios, including the use of
e-wallets and mobile banking, attitude is a strong predictor of behavioural
intention. Attitude had a direct impact on behavioural intentions in mobile
banking, underscoring its significance in user acceptability [15]. A person’s
attitude, whether favourable or unfavourable, can affect their choices and,
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eventually, their behaviour. Positive attitudes on mobile payment systems can
therefore positively impact a user’s propensity to do a particular action.

Behavioural intentions to use mobile payment systems – A key compo-
nent of the META UTAUT paradigm is the idea of BI, which measures a
person’s motivation and inclination to engage in a particular behaviour [43].
Researchers believe that the range of personal reasons that influence a
behaviour can be expressed through intention. Accordingly, the strength of
an individual’s intentions is strongly correlated with the probability that they
would execute the action that is the subject of those intentions. Numerous
studies have demonstrated a strong correlation between BI and the actual
adoption of electronic payments.

This study employs eight constructs – performance expectancy (PE),
effort expectancy (EE), social influence (SI), facilitating conditions (FC),
trust, attitude, behavioural intention (BI), and usage behaviour (UB) –
adapted from the Unified Theory of Acceptance and Use of Technology
(UTAUT) and its validated extensions. PE and EE assess expected perfor-
mance benefits and ease of use, both of which are vital in evaluating mobile
payment technologies [9, 43].

SI indicates how adoption is influenced by peers or important others,
while FC reflects the infrastructure and technical support available, both
of which are especially relevant in emerging economy contexts [25, 43].
Trust is added as an independent variable to address concerns over secu-
rity and reliability, which are commonly cited barriers in mobile finance
adoption [39, 46].

Attitude is included as a mediating construct that reflects users’ affec-
tive responses toward the technology, influencing their willingness to
adopt [2, 32]. BI and UB remain foundational elements, capturing the inten-
tion to adopt and actual usage behaviour, as defined in the original model [43].
Together, these variables provide a comprehensive framework to analyse
mobile payment adoption behaviour, particularly in the context of developing
countries.

H1: ATT and BI are positively related.
H2: The Impact of BI on UB is positive.
H3: EE positively affects ATT.
H4: EE has a favourable impact on BI
H5: FC has a positive impact on ATT
H6: FC is positively related to BI.
H7: PE is positively related to ATT
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H8: PE is positively related to BI.
H9: SI positively impacts ATT.

H10: SI will positively influence BI.
H11: Trust shall have a positive impact on BI.
H12: UB will be influenced positively.

3 Research Methodology

3.1 Research Design

The methodology of this study is based on enumerative tools and techniques
to cross-check the intention to use mobile payment systems (MPS) among
users in Uttar Pradesh. This research design facilitates the collection of
empirical data, and the application of appropriate statistical tools helps in
exploring the associations between independent, mediating, and outcome
variables. The design ensures a systematic approach to understanding user
behaviour and identifying the key determinants influencing mobile payment
adoption.

3.2 Research Model

The research model for this study is grounded in the meta-UTAUT frame-
work, originally proposed by Yogesh Dwivedi et al. [11]. The model includes
Performance Expectancy (PE), Effort Expectancy (EE), Social Influence
(SI), Facilitating Conditions (FC), and Trust as the independent variables,
Attitude as the mediating variable, and Behavioural Intention (BI) and Usage
Behaviour (UB) as the outcome variables. The study aims to assess the impact
of these variables on individuals’ intentions to adopt and continue using
mobile payment services.

The proposed research model builds upon the Unified Theory of Accep-
tance and Use of Technology (UTAUT), developed by Venkatesh et al. [43],
which explains technology acceptance behaviour across diverse information
systems. In this study, the model has been refined and contextualized for
mobile payment adoption in India by integrating two additional constructs –
Trust and Attitude – as suggested in the meta-UTAUT model by Dwivedi
et al. [11]. This enhancement strengthens the framework by capturing psycho-
logical and behavioural aspects that are particularly crucial in understanding
digital payment adoption among Indian consumers.

While the four foundational constructs of UTAUT – performance
expectancy (PE), effort expectancy (EE), social influence (SI), and facilitating
conditions (FC) – remain unchanged, this study integrates trust as an
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Figure 1 Presents the conceptual framework based on the meta-UTAUT model adopted
from [11], incorporating trust and attitude

independent predictor and attitude as a mediating variable between the ini-
tial determinants and behavioural intention. Trust has become increasingly
important in the domain of mobile payments, where users face elevated
concerns regarding data security, privacy, and financial risk [39, 46]. Attitude,
on the other hand, has been shown to reinforce behavioural intention when
users evaluate mobile technologies based on personal relevance and ease of
use [2, 32].

These model refinements support the specific aims of this research
by addressing both technological and psychological dimensions of mobile
payment adoption. Furthermore, the original structure of UTAUT remains
intact, ensuring consistency with prior empirical findings while enhancing
the model’s explanatory power through context-driven additions grounded in
theory. The revised conceptual model reflecting these extensions is presented
in Figure 1 and is discussed in detail in the methodology section.

3.3 Sampling

The process of data gathering made use of a structured questionnaire, and this
was distributed over various cities in Uttar Pradesh, India. Virtual and phys-
ical methods were both used; however, most of the responses were gathered
from virtual methods. 279 participants were sampled. Diligence was taken to
make the data diverse in order to enhance the process’s standardization.



406 Madhvendra Pratap Singh and Mridulesh Singh

Table 1 (Demographics)
Demographic Percentage Number of
Characteristic Category (%) Respondents

Age Distribution 18–25 years 20% 56
26–35 years 25% 70
36–45 years 30% 84
46–60 years 15% 42
60+ years 10% 28

Gender Distribution Male 55% 153
Female 45% 126

Occupation Salaried Employee 30% 84
Business Owner/Entrepreneur 20% 56
Self-employed/Freelancer 15% 42
Student 20% 56
Homemaker 15% 41

Educational Background No formal education 5% 14
Primary education 10% 28
Secondary education 30% 84
Graduate 40% 112
Postgraduate 15% 41

Income Distribution Less than |20,000 25% 70
(Monthly) |20,000 – |40,000 30% 84

|40,000 – |60,000 20% 56
More than |60,000 25% 69

Payment Adoption Adopted Digital Payments 80% 223
Did Not Adopt Digital Payments 20% 56

To ensure the representativeness and applicability of the findings, this
study intentionally included respondents from a range of age groups,
occupations, and income levels. This demographic diversity aligns with the
objective of understanding mobile payment adoption determinants across
different user segments. Research demonstrates that younger individuals
are more likely to adopt mobile payment systems, while older participants
often express more caution and require greater trust or familiarity with
digital tools [40]. Occupation and income also play critical roles: indi-
viduals employed full-time or those with higher incomes tend to adopt
mobile payments more frequently, whereas lower-income or varying occu-
pational groups may face distinct barriers, such as limited access or
reduced necessity [17, 44]. Incorporating these demographic variables reveals
segment-specific behaviours and strengthens the external validity of the
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study, thereby offering practical insights for both policymakers and industry
stakeholders.

3.4 Data Collection Instrument

The survey was based on an extensive conceptual model and includes several
unique variables. Responses from participants were collected in a Likert
scale format, and the test item of each survey was pilot-tested. Several
statistical methods like Cronbach’s alpha, Average Variance Extracted (AVE),
Composite Reliability, rho_A, and Heterotrait-Monotrait ratio were used to
check consistency and validity of the variables measured [13, 16]. A baseline
value of 0.7 to 0.9 for Cronbach’s alpha is considered acceptable.

Furthermore, all calculated AVE values were higher than 0.5, showing
convergent validity, whereas the offered Heterotrait-Monotrait ratio val-
ues were below the limit of the acceptable value and hence guaranteed
discriminant validity, and this is represented in Table 3 as well [13, 37].

Table 2 Reliability & validity
Cronbach’s Composite Composite Average Variance

Alpha Reliability (rho_a) Reliability (rho_c) Extracted (AVE)
ATT 0.904 0.906 0.929 0.723
BI 0.855 0.856 0.912 0.776
EE 0.891 0.892 0.925 0.755
FC 0.887 0.888 0.922 0.747
PER 0.877 0.881 0.924 0.802
SI 0.858 0.859 0.914 0.779
TRUST 0.827 0.831 0.896 0.743
UB 0.849 0.853 0.908 0.767
Source: Author calculated values through SmartPLS 4.

Table 3 Discriminant validity
ATT BI EE FC PER SI TRUST UB

ATT 0.85
BI 0.691 0.881
EE 0.651 0.68 0.869
FC 0.651 0.705 0.643 0.864
PER 0.667 0.71 0.729 0.672 0.896
SI 0.67 0.71 0.727 0.701 0.798 0.883
TRUST 0.659 0.763 0.639 0.637 0.683 0.677 0.862
UB 0.725 0.771 0.752 0.707 0.788 0.777 0.721 0.876
Source: Author calculated values through SmartPLS 4.
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3.5 Data Collection Procedure

The data collection procedure involved administering the questionnaire to the
selected respondents through face-to-face interviews. Trained interviewers
conducted the interviews and explained the purpose of the study to the
participants. The confidentiality and anonymity of the respondents were
ensured, and their informed consent was obtained prior to data collection.
The interviews were conducted from March to May 2024.

4 Results

The data analysis was done on Smart PLS SEM-4 and it shows that the
framework is quite fitted. The outcome of structural model analysis shows
that positive relation among the variables. The main variable Trust shows the
favourable response to behavioural intentions and uses behaviour; in it the
standardized coefficient is 0.291and 0.335 respectively with statistical signif-
icance validation. The statistical examination shown that attitude has signifi-
cant relationship with BI, where standardized coefficient is 0.158. In a similar
way BI has favourable impact on UB with standardized coefficient 0.524.

The variable facilitating condition (FC) exhibits a significant positive
effect on both attitude and behavioural intention, with standardized coeffi-
cients of 0.257 and 0.204, respectively. Conversely, although performance
expectancy (PE) and social influence (SI) show positive relationships with
attitude, their effects on behavioural intention are not statistically significant,
having coefficients of 0.114 and 0.094. (see Table 4 and Figure 2)

5 Discussion and Conclusion

5.1 Discussion

The findings of this study provide significant insights into the relationships
among the various elements affecting user behavior and intentions. One of
the hypotheses with the strongest evidence is H2, which asserts that BI does,
in fact, have a positive impact on UB. With a p of 0 and a very high t-score
of 7.243, UB is seriously reliant on it in order for actual usage to be feasible.
It proves that people are very likely to follow through on their intentions.

Others are H11 and H12, which aim to facilitate TRUST’s involvement
in UB and BI, respectively.

The strong positive association found between TRUST and BI (t-statistic
4.274, p-value 0) as well as between TRUST and UB (t-statistic 4.726,
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Table 4 Path-coefficient

Original Standard
Sample Deviation T Statistics

(O) (STDEV) (O/STDEV) P Values

ATT -> BI 0.158 0.057 2.794 0.005

BI -> UB 0.524 0.072 7.243 0

EE -> ATT 0.213 0.08 2.672 0.008

EE -> BI 0.108 0.066 1.638 0.102

FC -> ATT 0.257 0.062 4.117 0

FC -> BI 0.204 0.055 3.677 0

PER -> ATT 0.197 0.089 2.214 0.027

PER -> BI 0.114 0.067 1.699 0.089

SI -> ATT 0.178 0.081 2.209 0.027

SI -> BI 0.094 0.07 1.34 0.18

TRUST -> BI 0.291 0.068 4.274 0

TRUST -> UB 0.335 0.071 4.726 0

Source: Author calculated values through SmartPLS 4.

Figure 2 Author generated model.
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p-value 0) highlights the significant factor of trust in enhancing intention
to use and actual usage of a service or good. This result is supported by
previous research in which trust was cited to be one of the main issues that
affect behavioural outcomes based on various scenarios. The research further
ascertains the existence of a significant relationship between FC and both
ATT and BI, as explained by hypotheses H5 and H6. This would mean that
when the individual recognizes the availability of resources and support, he or
she would be likely to have positive attitudes and a stronger intent to engage
in the behaviour.

Another important finding is the favourable impact of EE on ATT (H3),
which implies that users have more positive opinions of a system if they find
it easy to use.

All theories, though, were not validated. As an illustration, H4 and H8,
which claimed that EE would improve BI while PE would do the same,
were not substantiated. The intention to utilize in this situation may therefore
be unaffected by performance expectations and convenience of use. It is
equally accurate to say that SI had no effect on BI (H10) as, in this situation,
societal pressure was not realized as a significant motivator of behavioural
intention.

In summary, the findings show that behavioural intention has a major
role in predicting actual usage behaviour, although trust and facilitating
conditions likewise had a substantial impact. Several assumptions were not
supported, which raises the possibility that context dependence exists in the
relationship. This merely implies that further research is necessary to examine
all of these connections in various situations. The relationship between these
results and earlier studies is then established, and the theoretical and practical
ramifications of the findings are then examined.

The findings of this study shed important light on the connections
between several elements affecting user behaviour and intentions. H2, which
suggests that BI has a beneficial impact on Usage Behaviour (UB), receives
the strongest evidence. With a p-value of 0 and a very high t-statistic of 7.243,
this research emphasizes how important BI is in influencing actual usage
behaviour. It implies that people are quite likely to carry out their intentions
when they set out to do something.

6 Theoretical Implications

It adds depth to the body of literature by demonstrating the crucial role that
behavioural intention (BI) plays as the most accurate interpreter of definite
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usage behaviour (UB). This strengthens the validity of models that depend on
intention as a key behaviour precursor. Theoretically, trust is a crucial element
of technology adoption and usage patterns, as demonstrated by the significant
impact it has on both BI and UB. Additionally, the results indicate that FC
has a considerable impact on ATT and BI, confirming the idea that resources
and outside assistance play a crucial role in influencing user attitudes and
intentions.

Remarkably, the work challenges some of the old hypotheses, claiming
that EE and PE do not directly affect BI in this situation, and even hinting
that their impact might be even more dependent on context than previously
thought.

In addition to its limited impact on business intelligence, social influ-
ence’s widespread usage as a predictor in contested technology adoption
models raises the possibility that social aspects do not always influence user
intentions. These revelations make it possible to update current models and
direct future studies that examine these connections in various settings.

7 Practical Implication

Since users’ behavioural intentions are the best indicator of their actual
usage behaviour, it will be practically significant to improve them. Perhaps
targeted marketing campaigns and user education initiatives can accomplish
this. Because user behavioural intentions are the best indicator of actual usage
behaviour, practical results suggest that enterprises should concentrate more
on developing these intentions. For this reason, tailored experiences that are
in line with user demands, user education initiatives, and strategic marketing
could all be employed. Establishing trust is crucial since it has been shown
to affect both BI and actual usage patterns. This goal will entail guarantees
of data security, transparency, and dependable services. A more favourable
attitude and intent in the direction of the adoption of a new technology
will result from improving FC, which is the availability of all resources and
assistance required for its implementation. Because user-friendliness results
in higher adoption rates and more favourable opinions, the user experience is
another important consideration. Finally, as SI had little effect on BI, there
might be more internal motivators to encourage user participation rather
than as many social pressure drivers. Although it primarily drives usage
behaviour, establishing trust over the innovation is equally important because
it has a significant impact on BI. Transparency, data security, and service
dependence will be crucial in this situation. Facilitation conditions, such as
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the availability of resources and assistance, would improve intentions and
attitudes. Higher adoption rates and more positive sentiments are likely to
result from a simplified user experience. Lastly, because SI has limited impact
on BI, firms may rely more on internal reasons to encourage user engagement
than on social pressure.

8 Limitations

Although the current study offers valuable information, it has certain draw-
backs. The research’s conclusions are restricted to a particular setting and
might not apply to different sectors or user demographics. The findings may
not be as broadly applicable as they could be due to the small sample size and
certain demographic characteristics. The last drawback is that it depended on
self-reported information, which may be biased in terms of response accuracy
or social desirability. Third, several of the relationships, such as EE and SI,
were very weak, suggesting that BI may be influenced by many unmeasured
factors in various circumstances. Lastly, because the cross-sectional research
approach only records a single moment in time, it is challenging to evaluate
how user behaviour or attitude has changed over time. Deeper understanding
of the evolution of these interactions would be better obtained by longitudinal
research.

9 Future Research

Researchers hoping to build on this work with mobile payment systems have
several promising paths to consider. For starters, a single survey snapshot can
only say so much – tracking people’s habits over time would likely shed light
on how intentions around digital payments actually play out day-to-day. It’s
also worth asking whether trust and social pressure look different from one
country to another. Would trust be such a big deal in places where technology
is already part of daily life, or where consumer rights are well protected?
[30, 39]. Besides, factors like how comfortable someone feels with technol-
ogy, their attitude toward change, or how risky they believe digital payments
to be could all have a real impact, especially among older folks or those
outside major cities [32]. Finally, not everything can be captured in numbers –
sometimes, talking to people directly or mixing in their stories offers a richer,
more honest glimpse into what really helps or hinders them [2].
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